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Abstract: Information Engineering is defined as a technique for extracting the "meaning"
contained in information to allow the understanding needed by a user to make a "right" decision.
This paper mainly describes and discusses the concepts underlying the Information Engineering
approach, viz. Knowledge Management and Information Quality, and emphasizes their role and
application as they relate to the Decison-Making process. The importance and concept of
modeling will also be discussed, specifically with respect to one type of universally accepted
form of modeling called IDEF (Integrated Definition Language). A case study using IDEF
(IDEFO and IDEF1x) for knit machine operation is presented in brief. Research is in progress to
develop an Information Engineering methodology for mapping (using IDEF principles) and
simplifying the decision-making process for a particular decision in textiles, resulting in more
effective and efficient decision-making by the textile personnel.

1. INTRODUCTION

The information systems developed over the last 30 years have been heavily technology based,
while decision-making remained a human thinking process. It can be envisioned that the
information system was a sort of a pipeline through which information would flow past various
users in the organization. As particular users
desired/needed some information to make decisions,
they “tapped”’ the pipeline. This basic approach of
people tapping the information flow as needed to
make decisions is basicaly the same today.
Unfortunately, as businesses became more complex
and the system could generate increasing quantities of

Users “Tap” Information Flow to
make Decisions

il information, then the discriminating power of the user
QSM to select and digest the “right” information was
S stretched to the limit. This phenomenon, also known

as information overload, resulted in inferior or
downgraded decision-making, due to the sheer
volume of information that had to be processed in a given decision-making time frame. As this
dilemma

Figure 1: A Typica Communication System

of the information system and the human user increased, it evidently developed into a
communication gap. Information systems primarily involve generating and distributing
information throughout an organization. Such information transmission is the necessary first step
in developing any communications capability. But information has no use, and therefore no
value, until a decision-maker utilizes it. It is the human decision-maker who constitutes the

! Part of this paper was presented at the Textile Institute World Conference, Australia, 2001
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second component of a communications system. The point of integration, where the human
decision-maker “taps’ into the information system is what forms the interface, and the design of
thisinterface will influence the proficiency of converting information into decisions.

The ability of the decision-maker to make “right” decisions does not depend on information
itself, but on the meaning and understanding derived from that information. If information access
is a key driver, providing the right information
TheDecison Cycle filtering capabilities emerges as a major

\dentify parameters challenge. It is here that Information Engineering

4 ‘ plays a vital role. Based on the above discussion

Dita Fecisend Fgures and research conducted, the data-to-decision

Tnformat Zaiézd“éfe'?ed“’gﬂm’ cycle model (The Decision Cycle) was developed

O L et to better understand the decision cycle and the
MJ‘DIW sk Information  Engineering  approach.  The
Engmm \ Coveysameningaot resiuion|  CONVErsion  process by which raw data is
k! 8 ez trandated into decisions of high quality is the

DeCigjon g™ Data-to-Decision cycle model. A parallel can be

drawn between the components of the model and

the present Information technology

Figure 2: The Data-to-Decision Cycle Model . . ,
advancements. This process would assist in

further diversifying the research so as to explore new and unique areas that would encompass the

entire depth of the model. Different industry segments of the textile supply chain are being
studied for the different Information Engineering stages.

2. PRE-INFORMATION ENGINEERING STAGE

The “Detection” and “Data’ parts of the model represent a data warehouse, which is a repository
of the company’s historical data. In regards to these stages, studies are being conducted on the
profiling, classification and standardization of the data. Attempts were made to describe and
define the data elements of specific relevance to decision-makers, such as superintendent,
foreman, operator, maintenance personnel, etc., in knitting mills, one of the components of the
textile supply chain, which in turn will assist in better understanding the decision-making
process. Modeling (IDEF Modeling in particular) is used for this purpose. Results obtained will
be utilized in mapping out a particular decision-making process in the weaving industry of the
textile supply chain.

2.1 IDEF MODELING

IDEF stands for Integrated DEFinition language. It is a methodology for describing, managing
and improving complex processes and systems. I T provides a common, public-domain language
for modeling and describing processes, data, requirements, as well as functions (Cete, 2001). It
was first developed as part of the US Air Force ICAM (Integrated Computer Aided
Manufacturing) Program in the early 1980s (ICAM, 1981). Since then, it has become the most
well known and widely used method worldwide for modeling because of its simplicity.
Originally, IDEF method comprised of three non-integrated modeling techniques, namely -
IDEFO (for functional modeling), IDEF1x (for data and information modeling) and IDEF2 for
dynamic modeling (Vernadat, 1996). IDEFO added features to the SADT methodology, which
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made it a standard for use as the language to describe decisions, actions and activities that make
up today's complex organizationa environments (Wizdom Software, 1998).

2.2 DEFO PROCESS MODELING

An | DEFO Methodology Example

An illustration of a basic IDEFO model is shown in the
figure. IDEFO is a method designed to model decisions,
actions and activities of an organization or system. IDEFO
models help to organize the analysis of a system and to
Inputs Funocr“m Outpus promote good communication between the anayst and
Tﬁjl‘mfﬁf Adivity | Reusorrerraion | the customer. As a communication tool, IDEFO enhances
domain expert involvement and consensus decision-
Mechanigmg 22T comzions e s | mgking  through  simplified graphical devices (Cete,
s aptEam el 2001). As an analysis tool, it assists the modeler in
identifying what functions are performed, what is needed
to perform those functions, what the current system does
right and wrong. Thus, IDEFO models are often created as one of the first tasks of a system
development effort. The text in the box is the name of the activity for which it stands, typically a
verb or verb phrase. Each side of an activity box has a specific meaning. The left side is reserved
for inputs, the topside is reserved for controls, the right side is reserved for outputs, and the
bottom side is reserved for mechanisms (resources). This reflects system principles; Inputs are
transformed to outputs; Controls constrain or dictate under which conditions transformations
occur; and, Mechanisms describe the resources needed to accomplish a function. A top-down
diagramming method such as IDEFO goes from the general to the specific, from a single diagram
that represents an entire system to more detailed diagrams that explain how the subsections of
the system work. The IDEFO Methodology is primarily used for understanding the ASIS
(Present State) environment - the functions that are carried out, the relationships between them,
and the logical breakdown of those functions into their sub-functions. The ASIS scenario is then
utilized to design and develop the TO-BE (Future Proposed State) environment, thus allowing for
process or function or decision improvement.

Interfacesthat guide or
Controls g
regulate the function

23 KNITTING PROCESSMODEL

IDEF0 ACTIVITY MODEL: A-0 CIRCULAR IDEF0 ACTIVITY MODEL: A0 IDEF0 ACTIVITY MODEL -A2 KNITTING
WEFT KNITTING OPERATIONS CIRCU! ]

Figure 4: IDEFO Knitting Models

A case study of IDEFO modeling is shown in the three figures above (Cete, 2001). The base
model is the A-0, followed by its decomposed diagrams. A-0 diagram (top) can also be called as
the context of the function. When one clicks on the “circular weft knitting operations’ activity
box, the box pops up into another page that shows the presented AO diagram (middle). AO
diagram can go one level down from “knitting” activity box. The lower-level diagram is named
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as A2 (bottom) because the operation selected in AO diagram is second one, “knitting”. The
number seen on the lower right corner in “knitting” activity process box on AO diagram
formulates the lower level diagram node. Knitting represents the large diameter circular weft
knitting machines’ operations.

2.4 1DEF1x DATA/INFORMATION MODELING
IDEFO describes the activities needed to perform functions. IDEF1x describes the information or
data needed to perform the same functions, both automated and nomina (Cete, 2001). It is
important to model information. In order to avoid business problems, information needs to be
accurate, timely, in the right place and in the right format. When the model is made, it is
important to define al the information that is needed to meet the mission and goa of the
organization. The IDEF1x standard defines what is to be known to do what is to be done. It is
easy to communicate with others through standard syntax and
representations by using IDEF1x. IDEF1x is based on the
primitive form of the entity-relationship model as shown in the
‘ e adjoining figure. Each information object is modeled as an
% N P entity (represented by a named rectangle and defined by its list
of attributes, which can be listed in the box). Entities can be

BASIC IDEF1x MODEL

1:M Relation

ATTRIBUTE

connected by named lines representing the relationships.
Relationships can be of type 1:1. 1:n, or m:n, as shown in the
Figure5: Basic IDEF1x Model figure 5.

25KNITTING DATA MODEL

As part of the ongoing research in IDEF Modeling, and as a continuum to the IDEFO modeling

examples developed, a data/information model was developed for large diameter circular weft

knitting as shown in the adjoining figure (Cete, 2001). A data model defines the entities and

their attributes along with the relationship among the entities. A specific relationship is always
involved with two entities. In

IDEF1x DATA MODEL: CIRCULAR WEFT KNITTING OPERATIONS this data model there are 12
entities defined. They are
e production order, style card,
B o B - yarn package, creel, knitting
ey Rl s machine, takedown/doffing
| | N unit, monitoring  device,
[y i S Fen B e greige fabric, maintenance
e s s Tt ) report,  quality  report,
R e ' production report and knit
e T DT e operator. All these entities
A SR - T - e U involve  knitting machine
(L R : operation.  The  activity
e models and the data model
o — e T were prepared by using
s ‘ WizdomWorks98 Office
i R e g software; ProcessWorks and

= DataWorks

Ischine_TypsiModsi(FK) A

Figure 6:1DEF1x Knitting Data M odel
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(Results of this research (IDEF process and data models) will be discussed in detail during the
presentation). These process and data models will further assist in defining the concepts of the
decision-making process in knitting or similarly in any other sector of the textile supply chain.
Thus, IDEF can be used as atool to model the decisions and assist in developing an Information
Engineering methodology. But before that is done, research is in progress to define and
understand the various concepts (such as Knowledge Management and Information Quality)
underlying the Information Engineering approach as being used in this specific research context.

3. INFORMATION ENGINEERING

While the data being generated and information processed is at one end, the outcome of the
decision being made is on the other end. But if we look at the center of the cycle, we realize that
right decisions are not made merely by obtaining information, but by the correct diagnosis of the
meaning of that information. If we interpret the meaning correctly, then we get the right
message, which means we will probably make the right decision. It is here, in the center of the
Decision cycle that machine intelligence can be created and it is here that Information
Engineering can be applied to the manufacturing system. Information Engineering can thus be
used to bridge the gap between the Data to Decision phases. It is the right decision that leads to
favorable outcomes for that company and this is where information actually creates value.

Information Engineering is defined as a technique for extracting the "meaning” contained in
information to allow the understanding needed by a user to make a"right" decision. According to
one of the authors (Neil Cahill) "When one has to make a decision, it is the meaning contained in
the information that is needed to make a "right" decision, and not the information alone. Of all
the information available in existing plant reports today, only about 10-15% of the information
contained in these reports is actually utilized. This low information utilization occurs due to the
desired information (vital information) being buried in the report and requiring more diagnostic
time than the user can provide" (Cahill, 1997). It must be realized that 80% plus of the time to
reach a decision is used ssimply to find the right information. According to Myers, "While all
communication contains information, not all information has communication vaue" (Cahill,
1985). Therefore, the goal should be to optimize the quality of the messages transmitted through
the interface from the information system to human user. Information Engineering assists in this
process. The ability of the user to make “right” decisions does not depend on information itself,
but on the “meaning and understanding” derived from that information. The sender attempts to
convey meaning through the message of the information. It is the message contained in the
information that transfers meaning. This suggests that one way to improve the vaue of
information is the designing of a message interface. This interface enhances the meaning of
information in order for the user to better understand the business situation in which he/she must
make a decision. Information is the raw material of the human thinking. But it is the “meaning
and understanding” that is the raw material of decision thinking. Information by itself has no
meaning or understanding. The human decision-maker acquires meaning and understanding not
from the raw information, but rather from the “message content” of that information. This
conversion process by which raw data is trandated into decisions is the Data-to-Decision cycle
model (Karpe, 2000). And it isin the center of this decision cycle that Information Engineering
plays avital role.
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Information Engineering is a technique for identifying appropriate information for specific sets
of decisions, and then tailoring and relaying this information to support effective management
decisions. Therefore, by designing information in such a way that it’s fit for use - making what
we can call “actionable information” in today’ s fast-paced, information overloaded environment
- one can construct meaning out of the clutter of digointed data fragments. This means that when
information is converted into a meaningful format, it leads to knowledge of that particular
situation, resulting in effective and efficient decision-making. Information Engineering could
prove to be a tool in knowledge mobilization, one of the twenty-four “Critical Business
Practices’ identified for the creation of an agile enterprise (Dove & Hartman, 1998). Hence one
approach of understanding the model would be to study and analyze the knowledge management
process, which draws a close resemblance to the decision cycle model.

4. KNOWLEDGE MANAGEMENT

Knowledge Management (KM) can be compared to the Industrial Revolution, where the work
shifted from hand-centric labor to machine-centric processes leading to an explosive rise in
production and new technologies. In the same way, KM drives the shift from the manual
generation of information (paperwork, which is still common today) to complete electronic
processing (with the ability to effectively use and apply information). This Knowledge
management revolution leads to faster rates of producing knowledge assets, and new
technologies for adapting knowledge faster (Leibmann, 2000). A recent study by the Cambridge
Information Network found that 85% of chief information officers surveyed believe that
managing knowledge creates a competitive advantage by fostering better decision-making (Taft,
2000). The primary goa of knowledge management is to deliver the intellectual capital of the
firm to the knowledge workers who make day-to-day decisions that in aggregate determine the
success or failure of a business (Microsoft(a), 2000). Developing such capabilities is what this
research is al about. But before we try to develop a tool to implement KM practices, it will be
useful for usto lay some groundwork on the fundamentals of knowledge management.

4.1 DEFINITIONS: KNOWLEDGE AND KNOWLEDGE MANAGEMENT

Defining knowledge is an essential first step when investigating knowledge management.
Knowledge can be defined in several different ways (Beckman, 1997; Van der Spek, 1997), one
of them being information that has been organized, analyzed and reasoned to make it
understandable and applicable to actively enable performance, problem-solving and decision-
making (Turban, 1992). Knowledge is composed of two main types, focal and tacit: focal being
knowledge about the object or phenomenon in focus (or of explicit interest) and tacit is
knowledge that is used as a tool to manage or improve what isin focus. For example, if acertain
piece of information represents focal knowledge (say end-breaks in ring spinning), how a person
perceives that information and operates on it is driven by his tacit knowledge (decision to
continue or stop that machine, examine the physical attributes of the spindle or yarn, and so on).
Knowledge Management also has been defined in severa different ways by different authors
(Petrash, 1996; Wiig, 1997; O'D€ll, 1996). One definition being the practice of identifying,
capturing, organizing and processing information to create knowledge, which is then distributed
and otherwise made available for others to use and to create more knowledge (Radding, 1998),
which in turn creates more value, and it is precisely this value-enhancement in decision-making
that is needed to be achieved with the Information Engineering approach.
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4.2 KNOWLEDGE PROCESS, FUNCTIONSAND PHASES

The very process that is used to create, communicate and apply knowledge results in new
knowledge. New knowledge amost always begins with an individual. A brilliant researcher has
an insight that leads into a new patent. A shop-floor worker draws on years of experience to
come up with a new process innovation. In each case, an individual's persona knowledge is
transformed into organizational knowledge, valuable to the company as a whole. The result is a
knowledge cycle in which data is transformed into information. The information is then culled
and enhanced and transformed into knowledge. The knowledge is then applied and the results are
documented, creating new data and information and recommencing the process. And this in
essence is the aim of this project. Once the knowledge is engineered for specific end-use and
assists in decision-making for a particular decision, it could be made available for not only
enhancing the efficiency and effectiveness of that decision, but also used as a basis for other
decisions across various other functions and departments.

The following figure is a

Snap-Shot Comparison of Knowledge Management Tools v/s Decision Cycle

Anowledge Knowledee Decision Cycle Knowledge &Jmmarlzeq vers (.)n Of
Iéractess Functions (Inidially Proposed) Phases und_erstandlng the relation of the
@ap;‘fr)" Detection Socialization various components of knowl gqlge

l Externalization | (Tatto Tadt) management versus the decision
Storage Cane gy ) Data model and the possible approach
(Data, Spreadsheets) i
| Y Erternaliation that could be used for the purpose.
i % (Tuct o glicit The knowledge process (Radding,
Processing Internalization 1998) and the knowledge functions
(Data Mining. D35, ) (Filter and Transfer) e Diagnosis (Frappml ol 1998) are gf-
l (Eisl%??}i‘;a‘f??:) explanatory and draw a close
- o &;m N resemblance to the knowledge
Communication Intermediation X .
(Digital Dashboard) (Using Intermediaries) - Meamng CyC| e expl al nw above ar]d the
l — Decision cycle model (Karpe,
t izati .
(Erlicit o Tuc) 2000). Related to this knowledge
(Expl ) g
Knowledge Cognition «+— Decision process and functions are the four
(For Decision Making) (Application of Knowledge, : .
: e raFatet basic knowledge phases (Radding,

1998; Malhotra, 2000):

Figure 7: Knowledge Management Tools v/s Decision Cycle

Socialization (Tacit -to- Tacit) - The conversion from tacit knowledge to tacit knowledge
through sharing of experiences, imitation and practices. This type of activity occurs during
coaching, in apprenticeships, at conferences and seminars or simply during employee interaction
during recesses.

Externalization/Articulation (Tacit -to- Explicit) - Also referred to as capture. The conversion
from tacit knowledge to explicit knowledge, usually by articulating the tacit knowledge and
turning it into explicit form, such as areport or document.

Dissemination/Combination Phase (Explicit -to- Explicit) - The conversion from explicit
knowledge to explicit knowledge by the owner's sharing it with one another. Dissemination is the
primary way knowledge is leveraged throughout the organization.

Internalization (Explicit -to- Tacit ) - The conversion from explicit knowledge back to tacit
knowledge, enabling workers to incorporate the knowledge into the way they respond and
behave when faced with a situation or problem, to which the knowledge applies.
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This spiral of knowledge elicits one fact; knowledge creation results form efficient and effective
use of the existing information. And in order for the user or decision-maker to utilize this
information effectively, the quality of that information is of prime importance. Enhancing the
quality of information results in better understanding of the situation, resulting in effective
decision-making.

5. INFORMATION QUALITY

Information quality problems hamper virtually every area of a business, from the mailroom to
the executive office. Every hour the business spends hunting for missing data, correcting
inaccurate data, working around data problems, scrambling to assemble information across
disintegrated databases, resolving data-related customer complaints, and so on, is an hour of cost
only, passed on in higher prices to the customer. That hour is not available for value-adding
work. Senior executives at one large mail order company personally spend the equivaent of one
full-time employee (senior executive) in reconciling conflicting departmental reports before
submitting them to the Chief Executive Officer. This means that the equivalent of one senior
executive's time is spent or wasted because of redundant and inconsistent (nonquality) data.
According to Bill Inmon, 80 to 90 percent of the human efforts in building a data warehouse are
expanded in handling the interface between operationa and data warehouse environments
(Inmon, 1992). The bottom line is that information quality problems hurt the bottom line. The
socia and economic impact of poor-quality data costs billions of dollars (Wang, 1995; Strong et
a, 1997). Quality experts agree that the costs of nonquality are significant. Quality consultant
Phil Crosby, author of Quality is Free, identifies the cost of non-quality to manufacturing as 15-
20 percent of revenue (Crosby, 1979). J.M. Juran pegs the cost of poor information quality at 20
to 40 percent of sales (Juran, 1988), Kearny puts this cost at 25 to 30 percent of sales dollars,
while in service companies, poor quality can amount to an increase of 40 percent in operating
costs (Boyle, 1992). Furthermore, as much as 40 to 50 percent or more of the typical IT budget
may actually be spent in "information scrap and rework”, a concept well known in
manufacturing. Following the analogy between manufacturing and information systems, we can
clearly see that there is a significant economic benefit to be gained if data or information quality
can be managed effectively (Wang, 1992). Information quality is a business issue and
information quality improvement is a business necessity. For organizations in a competitive
environment, information quality is a matter of survival, and then of competitive advantage. For
organizations in a public and not-for-profit sectors, information quality is a matter of survival,
and then of stewardship, of stakeholder resources.

5.1INFORMATION QUALITY: DEFINITION -

Information Quality is defined as "consistently meeting the knowledge-workers and end-
customers expectation”, through information and information services (English, 1996), enabling
them to perform their jobs efficiently and effectively. Information quality describes "the
attributes of the information that result in user (customer) satisfaction (Nayar, 1996). There are
two significant attributes or definitions of Information Quality. One is inherent and the other is
pragmatic information quality (English, 1999).

Inherent Information Quality is the correctness or accuracy of the data. If all facts that an
organization needs to know about an entity are accurate, that data has inherent quality - it is an
electronic representation of reality.
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Pragmatic Information Quality is the degree of usefulness and value data has to support the
enterprise processes that enable accomplishing enterprise objectives. In essence, pragmatic
information quality is the degree of customer satisfaction derived by the knowledge workers who
useit to do their jobs.

Information can be represented by the formula (English, 1999):

Information = f( Data+ Definition + Presentation)

The three components that make up the finished product of information are separate and distinct
components that must each have quality to have information quality. If we do not know the
meaning (definition) of afact (data), any value will be meaningless and we have non-quality. If
we know the meaning (definition) of a fact, but the value (data) is incorrect, we have non-
quality. If we have a correct value (data) for a known (defined) fact, but its presentation (whether
in the form of a written report, on a computer screen, or in a computer-generated report) lacks
quality, the knowledge worker may misinterpret the data, and again we have non-quality. Thus
information quality is not an esoteric notion; it directly affects the effectiveness and efficiency of
business processes.

52 DIMENSIONS OF INFORMATION QUALITY -
Studying the 5-dimensional model creates another form of representing the information quality
phenomenon (Albrecht, 1999). As seen in the figure below, the Data logistics and data protection
parts are concerned with the capture and storage of the data. The Information behavior
encompasses what human beings do with the data and information, viz. recording information
manually or by computer, paraphrasing, getting information from others, etc.
Information design is at the heart, using software and other tools to create new information and
INFORMATION QUALITY DIMENSIONs | Knowledge by transforming source information
F—— into meaningful form. This meaning is then used
for knowledge creation, wherein the human skill
of drawing insights and conclusions from the
existing information comes into play. It could also
lead to new inventions, conceptuaizing new
ideas, conceiving new strategies and building new

nformation
e
Behavior N Dlmenslons 7

N ‘"“’"““““ Quetty models and rethinking existing beliefs. Thus, the
five dimensions further strengthen the Knowledge

Process/creation and the Knowledge phases

Data Data concepts that were discussed earlier and will

Lo gistics Protectlon

provide us with a strong foundation to design a
new approach.

Figure 8: Information Quality Dimensions

In addition to these concepts, literature has also been reviewed in the areas of cognition
(memory, inferences, etc.) and problem solving and reasoning (heuristics, biases, etc.). All this
literature reviewed will be utilized to design and develop an effective research approach towards
meeting the main objective of this research.

6. RESEARCH APPROACH -

Based on the literature reviewed in different areas, information will be gathered using a case
study approach, focused on the current decision-making process of textile companies. Case study
research is a widely used and accepted approach in the development of modern management
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theories and models, since it enables development of new ways of describing reality using
gualitative information. Furthermore, it provides reasonably good potential for result
generaization from very few cases, or even a single case, based on the opportunity for holistic
view of a phenomenon or series of events. The industry sample will include manufacturing sites
from one segment of the textile supply chain complex, viz. weave room (weaving). Thus, the
unit of research analysis will be atextile (weaving) manufacturing plant, and not the entire textile
industry. The main study will focus only on approximately 3 to 5 textile plants for its study. In
order to obtain information for studying and analyzing the present decision-making process,
concepts and ideas learned from the literature reviewed and the knitting industry study will be
utilized and interpreted to formulate a structured interview. Concepts, such as problem solving
heuristic, the knowledge phases (Socialization, Externalization, Dissemination, Internalization)
and cognition (different biases) will be used to define the “As-IS” scenario and possibly propose
a structured “To-Be” approach for effective and efficient decision-making with regards to the
weave room efficiency decision. Initially, a pilot study will be undertaken in order to evaluate
the functionality and the result generation capability of the interview. This process will assist in
restructuring or refining the interview process for more effective and efficient response
generation. Efforts will be made to collect and analyze plant reports, forms and such other
documents that are deemed fit for information collection and analyzing situations. The
information obtained will be graphically represented using the Wizdom software for process
modeling (IDEFQ) and data modeling (IDEF1X) methodology. This process will also assist in
identifying and isolating the inherent deficiencies in the present decision-making process and
standardize a potentially simple map of a decision-making process for the weave room efficiency
decision, which could later be utilized across the entire textile chain for different other decisions
in different parts of the textile chain.

7. SUMMARY -

The goal of the current research is to fundamentally enhance the decision-effectiveness of the
textile personnel on the plant floor, using the data-to-decision cycle model asthe basis. Since this
research is in progress and has severa angles to it, this paper specifically deas only with the
research foundation and the concepts underlying the approach that will be adopted. Results of the
approach adopted will be ready for presentation at the next years' conference. The Information
Engineering approach could prove to be a valuable asset in improving data and information
quality with the use of knowledge management and modeling tools. Thereby reducing the
overload (information overload) that tends to occur in the present generation highly automated
machinery and making it simpler for the personnel on the plant floor to make the right decision.
In combination with Knowledge Management and Information Quality, Information Engineering
can eventually lead to the development and creation of a kind of Digital Decision Dashboard
(D), which would be the decision-making tool of the next generation for the textile industry. A
digital dashboard is defined as a customized solution for the knowledge workers that
consolidates personal, team, corporate and external information and provides a single click
access to analytical, and collaborative tools (Microsoft, 2000). It brings an integrated view of a
company's diverse sources of knowledge to an individual's desktop, enabling better decision-
making by providing immediate access to key businessinformation. The D*can be asimilar tool
for decision-making in textiles, capturing and disseminating vital management information for
effective and efficient decision-making, thus addressing a critical need presently facing the
textile industry.
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